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Abstract
In the wake of 2016’s divisive political climate in the US,
media reports indicated that vulnerable people, such as the
transgender population, may be experiencing lower than normal rates of emotional wellbeing. To test these claims, we
analyzed social media linguistic markers of affect, disclosure,
and sociality in late 2016 as compared to the same month a
year prior in a sample of US Tumblr blogs documenting people’s gender transitions. We find that negative affect, and
words related to anger in particular, increased for trans people
in 2016. At the same time, social words used to describe family decreased, indicating that trans people may have interacted less with family and friends in late 2016. Self-disclosure decreased for trans women in 2016, potentially indicating increased political language vs. personal content, or selfcensorship in response to a hostile political environment. Results highlight ways large-scale external political events may
impact how people communicate and disclose on social media. Additionally, our results indicate that social media data
could be used to identify those most in need of mental wellbeing resources in response to a hostile political climate.

Introduction
In recent years, transgender1 Americans have celebrated
both increased visibility (David 2017) and gains in rights
protections (U.S. Equal Employment Opportunity
Commission). Yet, at the same time, trans Americans continue to face substantial discrimination and harassment, and
as a result are almost eight times more likely to suffer from
psychological distress and almost nine times more likely to
attempt suicide than the general population (James et al.
2016). Several key factors had potential to increase these
numbers even more in 2016: the election of a vice president
with a strong record of opposition to LGBT rights (Tourjee
2016); the sharp increase in hate crimes (Southern Poverty
Law Center 2017; Teng 2016); reduced rights in using public restrooms in several states (National Conference of State
Legislatures); and the continued troubling levels of harassment both online and off, particularly for marginalized races
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and genders (Landsbaum 2016; Newmark 2016). 2016 involved substantial increased attention to trans people, often
in hostile ways.
To test how these factors were associated with trans participation and content on social media, we applied computational linguistic methods to a sample of 199 Tumblr “transition blogs,” a genre of blog through which trans people document their gender transitions. We compared word use in a
one-month period in late 2016 to the same month in 2015.
We found significant differences in linguistic characteristics
between the two time periods. Trans people’s language
showed increases in negative affect and angry words. At the
same time, social words related to family decreased, implying that people may be interacting less with family and in
late 2016, or at least reflecting on and documenting those
interactions less. While trans men’s levels of self-disclosure
increased, for trans women we found a significant decrease
in self-disclosure. This leaves open questions about how
people communicated their emotions while potentially selfcensoring content, replacing personal content with political
content, or vice versa.
We show how large external political factors may have
significantly impacted a group of marginalized Americans,
as portrayed via their personal lives and wellbeing on social
media. Social media content can be used to infer people’s
mental wellbeing (De Choudhury et al. 2013). Thus, we examine how external events and the increased hostile attention the trans population received in 2016 may have impacted this group’s mental wellbeing.

1

Transgender is a term that refers to “people who move away from the
gender they were assigned at birth, people who cross over (trans-) the
boundaries constructed by their culture to define and contain that gender”
(Stryker 2009). Importantly, a person’s relationship to their gender is what
matters here, not necessarily physical characteristics or changes. We use
“trans” for the remainder of this paper to refer to the broad transgender
population.
2
Non-binary refers to people who identify as one or more of the following:
neither male nor female; having several genders; having fluid gender; with
a term such as agender, genderqueer, or demigender.

Background and Related Work
We first provide background on transition blogs, then discuss research on trans identity and politics on social media.
Transition Blogs
Transition blogs are a genre of Tumblr blog in which people
document their gender transition. Commonly, these blogs
include diary-like entries discussing physical and mental
changes, medical procedures such as hormone replacement
therapy and gender reassignment surgeries, and discussion
of the coming out process and resulting acceptance, support,
rejection, harassment, and/or discrimination. Many transition blogs include photos and videos documenting changes
over time, though in this work we only analyze text content.
Transition blogs also often include personal day-to-day anecdotes not related to gender transition or trans identity.
Though blogs resemble diaries in some ways, blogs are different because they are inherently social (Nardi, Schiano,
and Gumbrecht 2004); the bloggers in our dataset exist
within a network of other bloggers, many of whom follow
and interact with each other.
Trans Identity and Social Media Sites
On social media sites like Facebook that forbid pseudonymity and multiple accounts, gender transition is often difficult
(Haimson, Brubaker, et al. 2015). Presenting oneself online
using a post-transition gender, name, and appearance often
requires mass trans identity disclosure (Haimson, Brubaker,
et al. 2015). However, such platforms are challenging to
those who need to engage in experimentation and exploration to find their new gender identity (Haimson, Bowser, et
al. 2015). Even after transitioning, digital footprints representing a past gender, name, and appearance may remain on
one’s profile (Haimson et al. 2016).
Thus, many trans people turn to Tumblr, a site that allows
pseudonyms and multiple accounts, and where one’s network is not necessarily linked with one’s pre-transition network, to experiment with and express their newly-formed
trans identities. Previous work has examined Tumblr as a
unique platform for people in marginalized or subcultural
populations to “be themselves,” build community and group
identification, and find resources (Dame 2016; Oakley
2016; Renninger 2015). Renninger (2015) explored the affordances that make Tumblr a welcoming place for sexual
minorities, and found that the ways people used pseudonymous and multiple accounts made self-expression possible
in ways often not possible on identified sites like Facebook.
Fink and Miller (2014) argued that Tumblr is a space where
those belonging to trans and queer subcultures can represent
their identities and cultures on their own terms, rather than
relying on the mainstream media to represent them. Additionally, the site de-incentivizes harassment by making comments (called “replies” on Tumblr) less visible than on other
social media sites, making the site a relatively safe space for

marginalized populations (Renninger 2015). These and
other features lead to an openness in discussing stigmatized
issues (Premack 2016; Seko and Lewis 2016), which likely
influences the prevalence of transition blogs on Tumblr.
Tumblr is not the only platform trans people use to document their transitions; many use YouTube (Dame 2013;
Raun 2015), and people also increasingly use Instagram for
this purpose. Tumblr is unique because many transition
blogs contain substantial text content, unlike transitions as
documented on YouTube and Instagram which include primarily visual content.
Politics and Social Media
Political sentiment on social media often closely corresponds to the political climate more broadly, both in the context of elections (Tumasjan et al. 2010) and more specific
political issues like reproductive rights (Morgan et al. 2016).
After the Iran elections in 2009, Elson et al. (2012) found
that pronoun words and swear words on Twitter predicted
when large-scale protests would erupt. Similarly, Al-Ani et
al. (2012) found that in blogs during the Egyptian revolution, linguistic content related to revolution corresponded
with revolution events, while at the same time personal content decreased. Public mood and emotion modeled via Twitter also changed around the 2008 US presidential election
(Bollen, Mao, and Pepe 2011). This work and others indicate ways the broader political climate can impact a population’s aggregate emotion, as we further illuminate here in
the case of a particular marginalized group.

Methods
We collected and analyzed data from 199 Tumblr transition
blogs to understand how linguistic markers of emotion, disclosure, and sociality changed over time. This study was approved by our university’s Institutional Review Board. Two
bloggers from our sample reviewed the paper and provided
feedback, which we incorporated into the paper.
Data Collection
Using Tumblr’s API (Tumblr 2016) and the PyTumblr API
client (PyTumblr 2016), we collected text data from 241
transition blogs starting with each blog’s first post (some beginning as early as 2009 and some as late as 2016) and ending on December 14, 2016. We selected our blog sample by
first searching on Tumblr using the tags “transition blog,”
“transition,” “mtf transition,” and “ftm transition,” and then
searching using relevant tags that emerged within this initial
sample, such as “girlslikeus,” “hrt blog” (hormone replacement therapy), “hrt transition,” “my transition,” “nonbinary
transition,” “personal,” “tpoc” (trans person of color), and
“transition timeline.” We selected blogs that met the following criteria: having posts with text content more than 10
words long (to enable meaningful text analysis) and focusing on the person’s gender transition or on personal content,

rather than being a blog by a trans person about another topic
(e.g., fashion, politics). We excluded blogs by people who
stated they were younger than 18. Using the first author’s
Tumblr account, we then “followed” each blog currently in
the sample. We examined all blogs listed in this account’s
list of “recommended blogs” to follow. The recommendation algorithm gave mostly accurate and relevant recommendations, and we added all recommended blogs that met
our criteria to the sample. We continued this process for approximately one month before settling on a final sample of
blogs. Different blogs were active and inactive during different time periods throughout 2009-2016.
Because of the sensitive, often deidentified, and public
nature of the content, we used an opt-out approach to data
collection. We messaged each blogger using Tumblr’s messaging system, briefly described the study, and asked them
to respond and specify if they wished to opt out of data collection. We attempted to message a total of 257 bloggers.
119 (46%) bloggers responded: 104 (40%) of the total initial
sample explicitly gave permission to collect their data, 16
(6%) opted out, and three (1%) asked for more information
but did not opt in or out. We answered all questions that
bloggers asked about the study and data collection. We collected data from the 241 people who did not explicitly opt
out of data collection. For this paper’s sample we removed
31 blogs that explicitly stated they were from non-US countries (because this paper is focused on the US political climate), and 11 blogs that did not include sufficient text content. This resulted in 199 blogs and 64,787 total posts.
Tumblr users can post content in nine ways: text, photo,
quote, link, chat, audio, video, answering a question asked
of that blogger by another user (“asks”), and as a “reblog”
of another user’s post. We collected text content associated
with these post types if it was more than ten words long: text
content from text, chat, and quote posts, answers from asks,
photo and video captions, text accompanying links and audio clips, and text annotating a reblog. We did not collect
photos, images, or visual content of any kind.
Data Description
Our full dataset included 64,787 posts, with average word
count of 75.52 (median = 34, SD = 133.65). On average,
each blogger posted 328 total text posts that met our data
collection criteria (median = 86, SD = 696.60), had been
blogging for almost two years (mean = 644.79 days, median
= 521 days, SD = 499.87 days), and posted two or three
times per week (mean = 0.40 posts per day, median = 0.21
posts per day, SD = 0.61 posts per day). The data analyzed
to compare posts in November 2015 with those in November 2016 included 3,778 posts from 153 bloggers, and the
data visualized in Figure 1 included all 199 bloggers.
Although we did not collect demographic data from bloggers, we found much of this information in their blog de-

scriptions. Most bloggers (95%) prominently stated or implied their gender and many (42%) their age. When placing
each blogger into the most prominent gender category that
they displayed on their blog (with the caveat that some identified as more than one gender, e.g. transwoman and nonbinary) bloggers in the dataset were 47% female-tomale/FTM/trans men, 46% male-to-female/MTF/trans
women, and 7% non-binary2. Like the Tumblr platform
more broadly (Smith 2013), our sample skewed young, with
63% of bloggers in the 18-24 age range, 30% 25-34, 7% 3544, and <1% 45 or over. Because most bloggers (93%) did
not specify race or ethnicity information on their blogs, we
do not report those demographics here. One limitation of
this work is our inability to analyze relationships between
race/ethnicity and affect over time.
The November 2015 data included 1,781 posts from 109
different blogs, while the November 2016 data included
1,987 posts from 125 different blogs. This is not an increase
in posting over time, but rather is likely due to the fact that
our blog sample was compiled in late 2016 and thus includes
blogs that began after November 2015. 81 blogs were active
during both November 2015 and November 2016. November 2015 posts were 51% from trans women, 43% from trans
men, and 6% from non-binary people. November 2016 posts
were 51% from trans women, 42% from trans men, and 7%
from non-binary people.
Data Analysis
We analyzed data over time to understand how 2016’s political climate may have influenced trans Tumblr bloggers’
affect. We began by calculating the prevalence of particular
emotions in each post using the LIWC (Linguistic Inquiry
Word Count) 2015 lexicon, which was built in part using
blogs and social media data (Pennebaker et al. 2015). LIWC
enables researchers to use computational analysis to understand people’s feelings and affect via text (Pennebaker et al.
1993). For each post, LIWC measured the proportion of
words in that category out of all the words that appeared in
that post. These methods allowed us to extract meaning from
a large sample of blogs over a substantial period of time, a
task that would not be feasible using qualitative methods.
Table 1 shows example posts in our dataset from each of the
LIWC categories of interest.
Given the wide ranging media reports of the emotional
impact of 2016’s political climate on trans Americans (e.g.,
Patterson 2016; Trans Lifeline 2016), we expected that we
may be able to detect some of these effects from trans people’s social media content. Although we did not test other
groups, similar analysis could be conducted on blogs written
by people more likely to be positively impacted by 2016’s
political events. We examined nine linguistic features related to emotional affect, disclosure, and sociality over time.

Category)
Negative(emotions(

Example)words)
hurt,(ugly,(nasty(

((((((((((((Anxiety(

worried,(fearful(

((((((((((((Anger(

hate,(kill,(annoyed(

((((((((((((Sadness(

crying,(grief,(sad(

First(person(singular(

I,(me,(mine(

Positive(emotions(

love,(nice,(sweet(

Disclosure(

summary(variable((((((((
created(by(LIWC(–(((((((
dictionary(not(available(

Friend(

buddy,(neighbor(

Family(

daughter,(dad,(aunt(

Excerpts)from)example)posts)with)high)prevalence)of)category)
“Ugh(I(feel(fucking(repulsive(today.(Fuck(this(male(appearance(shit.(Blaaah.”((
“This(is(so(goddamn(ugly(what(the(hell(is(wrong(with(society.”((((
“I’m(a(little(worried(trying(not(to(freak(out(hoping(she(texts(me(soon.”(
“When(I(think(about(dying,(I(panic.(When(I(think(about(living,(I(panic.”(
“Can(someone(please(fucking(castrate(me.(Fuck(this(shit.”(
“It’s(fucking(2016,(almost(2017.(Can(a(bitch(use(whichever(fucking(restroom(she(really(
needs(to(go.(Fuck(you(bigots,(I(hate(you.”(
“I’m(uncontrollably(crying(about(lost(childhoods(and(missed(opportunities.”(
“I(apologize,(so(sorry(to(my(friends(I(hurt(when(I(was(hurting.”(
“I(got(a(new(haircut(this(week,(so(I(know(I’ll(be(looking(nicer(than(I(did(last(time,(though(
I(suppose(I(looked(alright(last(time.”((
“I’m(disconnecting(to(the(extent(that(my(inevitable(suicide(is(almost(funny.”(
“Love(is(Love.(Kiss(someone(you(love(every(day!(Love(is(Amazing!”(
“I(do(feel(very(happy,(and(really(confident,(it’s(great(:D.”(
“Feeling(trapped(and(exasperated(with(nothing(and(everything(tonight.(I(know(PMS(is(
amplifying(it,(but(even(so,(tonight(it(feels(like(my(transition(is(disrupting(my(entire(life.”(
“I(need(physical(touch((sexual(or(not)(rn(like(Lindsay(Lohan(needs(cocaine.(It’s(been(
way(too(long(since(someone(has(touched(their(skin(to(mine."(
“Going(on(a(double(date(with(my(adorable(gf(on(my(arm!!”(
“I’m(afraid(I(won’t(be(my(best(friend’s(best(friend.”(
“Went(on(a(hike(with(mom(and(the(dog(today.”(
“My(parents(loved(their(son(so(much,(they(destroyed(their(daughter.”(

Table 1. LIWC dictionaries used in analysis. All quotes paraphrased to eliminate traceability.

In late 2016, the month after the presidential election, as
compared to the same month in 2015, we analyzed prevalence of words related to: negative emotions, anxiety, anger,
sadness, first person singular (a proxy for depression
(Pennebaker, Mehl, and Niederhoffer 2003)), positive emotions, disclosure, and friends and family (measures of sociality) (see Table 1).
We conducted Wilcoxon tests to identify affect differences between time periods (see Table 2). Because the data
is not normally distributed, we conducted nonparametric
Wilcoxon tests rather than t-tests which should only be used
for normally-distributed data. Specifically, for each linguistic feature, we tested whether prevalence in posts from November 9 – December 9 2016 (which we will refer to as
“November 2016 data”) was significantly different from affect in posts from November 9 – December 9 2015 (which
we will refer to as “November 2015 data”). Conducting multiple Wilcoxon tests increases the possibility of Type 1 errors. Though some results were no longer significant after
Bonferroni p-value adjustment (marked in bold but not italics in Table 2), we also conducted Tukey Honest Significant
Difference tests on each of these variables and still found
significant differences between the two time periods.
We considered several different time periods to compare
with November 2016. We chose a comparative time period
a year prior that was relatively devoid of politics but that
included the same yearly events (e.g., Thanksgiving) as the
2016 time period. Figure 1 shows the variables of interest
over time from 2013 – 2016, to give a larger picture of how
affect, disclosure, and sociality changed over time.

Complexities of Analyzing Longitudinal Transition Data
Analyzing data over time is often tricky, but analyzing longitudinal data for people going through a major life transition introduces additional complexities. As people transition
genders, their mental health is likely to improve (Budge,
Adelson, and Howard 2013; Kozee, Tylka, and Bauerband
2012). Yet at the same time, beginning to present as trans
and disclosing one’s trans identity opens people up to rejection, discrimination, and harassment, which can have negative effects on mental health (James et al. 2016; Nuttbrock
et al. 2012). With these complex factors at play in people’s
personal lives during transition, it becomes difficult to identify the effects of large external events on people’s mental
wellbeing. Thus, a within-subjects setup would not be appropriate for testing impacts of external factors. Specifically, a personal trajectory of improved mental wellbeing
would influence any impacts of a specific event, either exacerbating that improvement or masking it. Thus, in this
work, we use a large sample of trans people who are at different stages of their transitions in different time periods. In
this sample, both November 2015 and November 2016 included people just starting their transitions, people in midtransition, and people reaching the final stages of their transition (though we note that each person’s transition is unique
and involves different goals and trajectories, and may not
proceed linearly (Horak 2014)). However, a limitation of
our aggregate computational approach lies in our inability to
specifically quantify how far along in their transition each
person was in each time period.
In the interest of broadening discussion of the complexities of analyzing longitudinal transitional data, we briefly
present results of a within-subjects approach. When analyzing posts from only those people who posted content in both

November 2015 and November 2016 (N = 81), we found
that anxiety increased (p = 0.01), but there were no other
significant differences in the linguistic variables of interest.
This may signal that people’s improved mental wellbeing
due to gender transition progress could have masked some
potential negative effects resulting from 2016’s political climate.

trans women’s mental wellbeing over time than for trans
men. Similarly, non-binary people are rarely perceived in
the way that they desire (James et al. 2016), given that the
world, from bathrooms to boxes on forms, is usually set up
as a two-gender system. While the transgender umbrella certainly includes more than the three gender categories we analyze in this work, we separate the data into these three
groups to make analysis tractable.

Results

Negative Emotions
For trans people in our sample, the expression of negative
emotions on Tumblr was significantly higher in November
2016 as compared to November 2015 (see Table 2). This
change was most drastic for trans men. For trans women,
negative emotions increased in 2016, but were not significantly different between November 2015 and November
2016. Negative affect in LIWC is a category that includes
anxiety, anger, and sadness. Thus, the next three categories
are sub-categories of this one, allowing us to more precisely
understand what facet(s) of negative affect influenced the
broader category’s change over time.

We find significant changes in affect in an aggregate sample
of Tumblr transition blogs in November 2016 when compared to the same time period in 2015. Trans women’s affect
changed in different ways than trans men’s. Specifically, in
November 2016, trans women disclosed less, used more
words conveying anger, and used fewer words related to
sadness. Trans men disclosed more, used more negative and
anxiety words, and used fewer words related to family.
There were not enough posts from non-binary people to provide meaningful analysis of changes between the time periods, but non-binary people’s posts are included in the full
sample results reported in Table 2. These results highlight
the important effects uncontrollable outside events may
have, even on the content posted on a medium focused primarily on writing about personal life events, and how resulting mental wellbeing changes can be detected via social media. In this section, we present results describing how affect
changed over time for the people in our dataset.
Figure 1 shows the variables of interest from 2013 – 2016,
and is presented to visualize the findings we discuss here in
a larger temporal context. For readability, these plots are
smoothed curves fitted by Loess to scatterplots of daily averages, each with approximately one-month moving averages. Thus, the smoothed Loess curves may not accurately
visually reflect the results presented in Table 2, as the
months analyzed are visualized in the context of the data
surrounding those months. While our statistical analysis involves only data from November 2015 and November 2016,
we use Figure 1 to discuss trends over time in our larger dataset, visualized from 2013-2016.
Gender Differences
In our early stages of analysis, we found that trans people’s
affect over time was substantially different for the different
genders in our dataset (trans women, trans men, and nonbinary people), each of whom face different challenges and
experiences (Budge, Adelson, and Howard 2013). In particular, trans men are more often perceived as men than trans
women are perceived as women (James et al. 2016), and as
a result, trans women (and women more broadly) often face
more discrimination, harassment, and violence (Grant et al.
2011; Budge, Adelson, and Howard 2013), which influences
mental wellbeing (Kessler, Mickelson, and Williams 1999).
This may be one reason that we find different changes in

Anxiety
Anxiety increased significantly over time for trans men in
our sample. Given the precarious state of trans rights in the
US in 2016, one might expect greater anxiety among trans
women as well, though our analysis did not find significant
differences for trans women. LIWC is often better at identifying more general emotions (e.g., positive or negative) than
specific emotions like anxiety, anger, and sadness (Bantum
and Owen 2009), so it may be that LIWC measures did not
effectively pick up on anxiety indicators for some in this dataset.
Anger
Our Wilcoxon tests show that anger within posts increased
significantly in late 2016 compared to late 2015, particularly
for women (see Table 2). Over the larger 2013-2016 period
use of anger words increased for both trans men and women,
particularly in 2016 for trans women and in the latter half of
2016 for trans men (see Figure 1). Our results indicate that
trans women and trans men may react to political events differently, with anxiety increasing for trans men while anger
increases for trans women. To the degree possible, these hypotheses should be tested with additional data as both time
and the political climate change.
Sadness
The relative sadness content in posts remained steady for
trans men over time (see Figure 1 and Table 2). Surprisingly,
sadness decreased in 2016 for trans women. The lack of an
increase in sadness in our sample in 2016 may be because
sadness is an emotion likely to be related to personal struggles and events, rather than external political events. It may
also be that other emotions, such as anger, are more dominant in response to such events, overwhelming sadness expressions.

(

(

Negative))) Anxiety)
Anger)
Sadness)
emotions)
(
(
Mean((Standard(deviation))
Full)sample)Nov.(2015( 2.27)(3.53)) 0.33((1.15)( 0.76)(2.07)) 0.47((1.37)(
)
Nov.(2016( 2.57)(3.72)) 0.39((1.20)( 0.96)(2.38)) 0.43((1.37)(
†
)
Difference( **)
(
*)
n.s.(
Trans))
Nov.(2015( 2.19((3.48)( 0.31((1.11)( 0.70)(1.87)) 0.52)(1.44))
women)
Nov.(2016( 2.48((3.74)( 0.32((1.09)( 1.00)(2.49)) 0.39)(1.23))
)
Difference( n.s.(
n.s.(
*)
*)
Trans)
Nov.(2015( 2.34$(3.57)$ 0.35$(1.19)$ 0.81((2.24)( 0.42((1.34)(
men)
Nov.(2016( 2.75$(3.69)$ 0.52$(1.37)$ 0.92((2.20)( 0.50((1.61)(
)
Difference( ***$
***$
n.s.(
n.s.(
†
(
(
(p(<(0.10a(*(p(<(0.05a(**(p(<(0.01a(***(p(<(0.001(

1st)person)) Positive) Disclosure) Friends)
singular) emotions)

Family)

7.50((5.80)(
7.53((5.69)(
n.s.(
7.81)(5.76))
7.23)(5.55))
*)
7.23)(5.84))
8.06)(5.88))
**)

0.55$(1.73)$
0.33$(1.34)$
***$
0.30((1.22)(
0.29((1.29)(
n.s.(
0.77$(2.06)$
0.41$(1.37)$
***)

5.16((5.42)(
5.09((5.71)(
n.s.(
5.83((5.65)(
5.60((6.07)(
†
(
4.61((5.17)(
4.09((4.83)(
†
(

59.41((35.70)(0.52((1.51)(
59.64((35.76)(0.47((1.55)(
n.s.(
n.s.(
61.20)(35.18))0.48((1.52)(
57.86)(35.86))0.49((1.61)(
*)
n.s.(
57.66)(36.15))0.55((1.52)(
62.31)(35.42))0.44((1.43)(
*)
n.s.(

Table 2. Results of Wilcoxon tests showing changes in affect, disclosure, and sociality over time. Statistics reported are proportion of words
in posts that fall into the column’s LIWC category, averaged over all posts in that row’s time period. Disclosure statistics are from LIWC’s
“Authentic” measure, which is not a word proportion; LIWC’s calculation method for this variable is proprietary. Significant results are in
bold. Results in italics were still significant at p = 0.05 after Bonferroni p-value adjustment. For those bolded results not italicized, we still
found statistically significant differences between the two time periods in Tukey Honest Significant Difference tests.

First Person Singular
LIWC’s first person singular category has often been used
as a proxy for depression (De Choudhury et al. 2013;
Pennebaker, Mehl, and Niederhoffer 2003). In particular,
people who are depressed tend to use words like “I” and
“me” more frequently than those who are not depressed
(Rude, Gortner, and Pennebaker 2004). In our analysis we
found that first person singular increased for trans men, indicating potential increases in negative emotions. However,
we found that first person singular words decreased in 2016
for trans women (see Table 2). Given our data, we cannot
know if these changes correlate to changes in depression itself, or if this measure is a poor indicator of depression on
Tumblr in particular. Tumblr transition blog data also may
not conform to the same linguistic conventions present in
other types of writing (Bourlai and Herring 2014) in which
first person singular pronouns correlate with depression.
Additional work is required to understand the relationship
between first personal singular and depression in Tumblr
bloggers. Changes in use of first person singular words
could also be related to the decrease in self-disclosure we
saw in 2016 (described below).
Positive Emotions
In contrast to media reports (e.g., Patterson 2016) and our
expectations, positive emotions did not decrease significantly in posts by trans people in November 2016 as compared to November 2015. There are several possible explanations for this change. Using positive language may be a
coping mechanism (Andalibi, Ozturk, and Forte 2017) for
some to communicate to their networks that they will be resilient in in the face of the hostile political climate, and to
seek support. Many trans people are highly resilient to difficulties they face (Stryker 2009), and this effect is even
stronger when people have social connections with other

trans people (Testa, Jiminez, and Rankin 2014), as the people in this sample do on Tumblr. Additionally, people may
use positive words when providing social support to others
in their networks, a type of discourse that may have increased in response to 2016’s troubling events. It may also
be that these people felt, and thus expressed, more positive
emotions due to personal life events and changes.
Disclosure
LIWC 2015 includes a category called “Authentic” words,
described as such: “higher numbers are associated with a
more honest, personal, and disclosing text; lower numbers
suggest a more guarded, distanced form of discourse”
(Pennebaker et al. 2015). Because “authentic” is an imprecise, highly contextual, and socially constructed term
(Haimson and Hoffmann 2016), we instead refer to this category as words related to self-disclosure. Disclosure words
significantly decreased for trans women in November 2016
when compared with November 2015 data (see Table 2). At
the same time, use of disclosure words increased significantly when only analyzing data from trans men in 2016.
This indicates that some people in our sample became more
guarded and shared less personal information on their Tumblr blogs, while others became less guarded and shared
more. There are several possible explanations for decreases
in disclosure language. It may indicate a tendency to selfcensor one’s content in response to a US political climate
perceived as hostile. It may also be that in late 2016, people
posted more political rather than personal content, in line
with the inverse relationship between personal and political
content found by Al-Ani et al. (2012).
Friends
Words related to friends did not change significantly for
trans people in our sample in 2016. Friends words in our
dataset are often used to talk about time spent with friends
and relationship partners in the physical world. While we

Figure 1. LIWC measures showing proportion of words signifying affect, disclosure, and sociality in Tumblr transition blogs over time,
2013 – 2016. Plots show smoothed curves fitted by Loess to scatterplots using R function loess.smooth, degree = 1, span = 2, with approximately a one-month moving average. Gray bars show comparison time periods. Please note different y-axis scales. MTF = male-to-female
trans women, FTM = female-to-male trans men. There were not enough posts from non-binary people in the dataset to provide meaningful
visualizations over time.

expected that friends words would increase as people
reached out to each other to commiserate and to seek and
provide support, this was not the case.
Family
People in our sample posted about family significantly less
in November 2016 as compared to November 2015. In our
dataset, family words are often used to talk about time spent
with family or coming out to family members, but also to
journal about difficulties with family. The decrease in family words may signal that people spent less time with and
communicated less with family in late 2016 as compared to
late 2015, perhaps because of political differences and to
avoid hostile situations. After 2016’s highly divisive election, many people avoided spending time with family, particularly around traditional family get-togethers like
Thanksgiving (Tavernise and Seelye 2016).
Results Summary
We have detailed significant differences in linguistic markers of emotional affect, disclosure, and sociality in Tumblr
transition blogs when comparing November 2016 with November 2015. In late 2016, trans women in our sample used
more words conveying anger. At the same time, this population disclosed far less than a year prior, leaving open questions around the varying roles of self-censoring, political vs.
personal posts, and emotion. Trans men used more words

signaling negative emotion and anxiety and had higher levels of disclosure, yet used fewer words related to family.
Overall, people in our sample increased use of words related
to negative emotions and anger, and decreases in family
words.
Taken together, these results show that, for trans Americans, despite any ups and downs in their personal lives, the
year 2016 was associated with changes in affect en masse.
Facets of this population used more negative and angry
words and disclosed less personal information. At the same
time, in 2016’s political climate, their use of social words
referring to friends and family, and perhaps their sociality
more generally, decreased.
Limitations
Computational linguistic methods have been found to be robust in identifying sentiment and emotions (Bantum and
Owen 2009; Tausczik and Pennebaker 2010), but these
methods are not without limitations. For instance, computational linguistic analysis ignores important language facets
such as irony, sarcasm, and idioms (Tausczik and
Pennebaker 2010), and often do not account for slang and
emoticons, which are common on social media (Hutto and
Gilbert 2014). Additionally, these methods may over-emphasize emotions (Bantum and Owen 2009).

Although we consider the 2016 US political climate as an
impetus for the changes we see in affect, disclosure, and sociality, other factors may have impacted people as well. For
instance, 2016 included widespread data hacks and celebrity
deaths, which could have influenced the people in our sample. Other potential confounds include stage in transition,
race/ethnicity, and age. Thus, we present our results as correlational without causal claims.

Discussion
2016 was a difficult year for many Americans, culminating
on November 8 in the election of an administration perceived by many marginalized groups as particularly threatening, based both on past actions and campaign promises
(Teng 2016; Tourjee 2016). Though we cannot make causal
claims, the election itself may have contributed to some of
the changes we saw in affect, disclosure, and sociality for
trans people. In response to 2016’s overall political climate,
many people took to social media to vent and seek or provide social support, while others posted less and some even
deleted their social media accounts due to conflicts with
people in their online social networks (Lindner 2016;
Selyukh 2016). Some reports indicate that the US political
climate in 2016 impacted people’s mental wellbeing
(Majumder 2016; Sheehy 2016), a claim that we have empirically analyzed.
In this work, we have shown how people’s manner of expressing themselves on social media changed substantially
after events external to their personal lives. In particular,
among a sample of trans Tumblr users, late 2016 involved
increased negative affect and decreased self-disclosure for
some. At the same time, use of social words related to family
decreased for many, potentially signaling less contact with
family.
The content trans women in our sample posted in late
2016 included significantly less self-disclosure than content
from late 2015. Instead, we found the 2016 content to be
more guarded and less open. This may signal a heightened
awareness of the difficulties that trans people might face in
an increasingly hostile environment, with uncertainties
about trans rights and potentially less protection against discrimination and violence. The 2016 decrease in trans
women’s disclosure found in this work offers insight into
disclosure behaviors online in the context of a political climate that is outwardly hostile to what one is disclosing. In
addition to the elected administration, knowing that a substantial voter base elected such an administration may have
also impacted people’s social media content and posting behaviors. Knowing that some of these voters may be within
one’s personal network may have influenced people’s social
behaviors, as reflected in the decreased use of words related
to family we found in this work. It may also be that post-

election, people discussed political content more, in addition
to or instead of personal content, which could explain the
disclosure decrease. Future research should examine how
people’s personal vs. political social media content changes
in response to their country’s political climate.
Late 2016 content included significantly more negative
affect and anger words for trans people. This may reflect
difficulty coping with the country’s changes and anger in
response to what might come next; yet it may also be that
using negative and angry language is itself a coping mechanism. Importantly, these changes in emotional affect were
present even without posts being specifically written about
political content (see Table 1). Most content was not about
the US political climate, but the style in which it was written
could have been affected by these factors. People continued
to post about their lives and transition statuses, but these
posts appear to have been tempered by larger outside forces.
Potentially troubling in this analysis is the decrease in social words related to family. Indicators in our data as well as
outside reports signal that mental wellbeing challenges for
this population were on the rise throughout 2016. However,
rather than reach out to family, our data indicate that people
may have turned away from these traditional support structures. It is possible that this turning away was therapeutic in
light of friends and family who may not have provided such
support, but it is equally possible that this choice was damaging from a mental wellbeing perspective. It could also be
that, as found in previous work (Mehl and Pennebaker
2003), after a troubling external event people communicate
more in dyadic face-to-face settings rather than in groups,
which could explain the decreased social words in our dataset. A qualitative content analysis would be needed to investigate the nature of this decreased sociality. Specifically,
such an analysis should examine whether and how communication shifts among family who share political views or do
not after major political events.
Many of the fears trans Americans expressed in late 2016
(e.g., reduced healthcare access and bathroom rights) were
in fact implemented in early 2017 (Peters, Becker, and Davis
2017). While the 2016 data we analyzed involves fears
around potential policy changes, future research should analyze how social media affect changed in 2017 after the anticipated policies took effect and trans rights diminished.
Examining 2016 vs. 2015 Tumblr transition blogs gives
insight into how social media affect changes in aggregate in
response to a political climate outside of any individual
poster’s control. These changes may differ from the more
personal transition milestones and retrogressions that occur
in people’s day to day lives as documented on their individual transition blogs, an analysis which we leave for future
work. While in the course of one’s transition much is uncontrollable (e.g., responses to disclosure, doctors’ and psychi-

atrists’ evaluations on readiness to transition, financial constraints, etc.), such upsets may feel more temporary and personally fixable than large external institutional changes.
These results can help both social media site designers
and mental health professionals to build better mental wellbeing interventions to employ when outside factors affect
large groups of marginalized people. While social services
and online support communities already exist to help trans
people with their personal transitions, and in dealing with
issues such as trans health and coming out, few exist specifically to help people cope with the mental wellbeing effects
of such large external factors. Social media data could signal
when communities and individuals need help. In recent
years, social media analytics have been used in unethical
ways (Council for Big Data, Ethics, and Society 2016) and
even possibly to impact 2016’s election results (Grassegger
and Krogerus 2017). Yet, if done ethically, analyzing people’s emotions over time on an individual level, rather than
in aggregate as we do here, could provide a way to offer
support to those who most need it, when it may be most
needed. Events like the 2016 election can serve as prompts
to look for those who may most need help, and emotion over
time can be employed as a metric to identify those most at
risk. In this way, social media can be a powerful tool for
helping those most at risk of mental wellbeing challenges.

Conclusion
We present the results of a study examining how social media word use related to emotional affect, disclosure, and sociality changed for a sample of trans people in 2016’s political climate. For this particularly vulnerable group, negative
affect and anger increased. At the same time, words related
to family decreased, potentially indicating decreases in social interactions. Language indicating self-disclosure decreased for trans women in our sample, demonstrating that
some may have begun self-censoring or substituting political content for personal content. Results highlight how large
external events and the overall surrounding context can impact people’s personal emotions and behaviors as communicated online.

Acknowledgements
We thank the bloggers in our sample for allowing us to learn
from their experiences, and Nazanin Andalibi, Munmun De
Choudhury, Cory Dostie, Kevin Jenkins, Gloria Mark,
members of STAR, and anonymous reviewers for their generous help and support with this paper. This work was
funded in part by NSF GRFP and the Kleist Endowment.

References
Al-Ani, B., G. Mark, J. Chung, and J. Jones. 2012. The Egyptian
Blogosphere: A Counter-Narrative of the Revolution. In Proceedings of CSCW.
Andalibi, N., P. Ozturk, and A. Forte. 2017. Sensitive Self-Disclosures, Responses, and Social Support on Instagram: The Case of
#Depression. In Proceedings of CSCW.
Bantum, E.O., and J.E. Owen. 2009. Evaluating the Validity of
Computerized Content Analysis Programs for Identification of
Emotional Expression in Cancer Narratives. Psychological Assessment 21, no. 1 (March): 79–88.
Bollen, J., H. Mao, and A. Pepe. 2011. Modeling Public Mood and
Emotion: Twitter Sentiment and Socio-Economic Phenomena. In
Proceedings of ICWSM.
Bourlai, E., and S.C. Herring. 2014. Multimodal Communication
on Tumblr: I Have so Many Feels! In Proceedings of Web Science.
Budge, S.L., J.L. Adelson, and K.A.S. Howard. 2013. Anxiety and
Depression in Transgender Individuals: The Roles of Transition
Status, Loss, Social Support, and Coping. Journal of Consulting
and Clinical Psychology 81, no. 3: 545–557.
Council for Big Data, Ethics, and Society. 2016. Perspectives on
Big Data, Ethics, and Society.
Dame, A. 2013. “I’m Your Hero? Like Me?”: The Role of ‘Expert’
in the Trans Male Vlog. Journal of Language and Sexuality 2, no.
1 (January 1): 40–69.
———. 2016. Making a Name for Yourself: Tagging as
Transgender Ontological Practice on Tumblr. Critical Studies in
Media Communication 33, no. 1 (January): 23–37.
David, E. 2017. Capital T Trans Visibility, Corporate Capitalism,
and Commodity Culture. TSQ: Transgender Studies Quarterly 4,
no. 1 (February 1): 28–44.
De Choudhury, M., M. Gamon, S. Counts, and E. Horvitz. 2013.
Predicting Depression via Social Media. In Proc. of ICWSM.
Elson, S.B., D. Yeung, P. Roshan, S.R. Bohandy, and A. Nader.
2012. Using Social Media to Gauge Iranian Public Opinion and
Mood After the 2009 Election.
Fink, M., and Q. Miller. 2014. Trans Media Moments Tumblr,
2011–2013. Television & New Media 15, no. 7 (Nov 1): 611–626.
Grant, J.M., L.A. Mottet, J.D. Tanis, J. Harrison, J.L. Herman, and
M. Kiesling. 2011. Injustice at Every Turn: A Report of the National Transgender Discrimination Survey. National Center for
Transgender Equality and National Gay and Lesbian Task Force.
Grassegger, H., and M. Krogerus. 2017. The Data That Turned the
World Upside Down. Motherboard.
Haimson, O.L., A.E. Bowser, E.F. Melcer, and E.F. Churchill.
2015. Online Inspiration and Exploration for Identity Reinvention.
In Proceedings of CHI.
Haimson, O.L., J.R. Brubaker, L. Dombrowski, and G.R. Hayes.
2015. Disclosure, Stress, and Support During Gender Transition on
Facebook. In Proceedings of CSCW.
———. 2016. Digital Footprints and Changing Networks During
Online Identity Transitions. In Proceedings of CHI.
Haimson, O.L., and A.L. Hoffmann. 2016. Constructing and Enforcing “authentic” identity Online: Facebook, Real Names, and
Non-Normative Identities. First Monday 21, no. 6 (June 10).
Horak, L. 2014. Trans on YouTube Intimacy, Visibility, Temporality. TSQ: Trans. Studies Quarterly 1, no. 4 (Nov 1): 572–585.

Hutto, C.J., and E. Gilbert. 2014. Vader: A Parsimonious RuleBased Model for Sentiment Analysis of Social Media Text. In Proceedings of ICWSM.
James, S.E., J.L. Herman, S. Rankin, M. Keisling, L. Mottet, and
Ma’ayan Anafi. 2016. The Report of the 2015 U.S. Transgender
Survey. National Center for Transgender Equality.
Kessler, R.C., K.D. Mickelson, and D.R. Williams. 1999. The
Prevalence, Distribution, and Mental Health Correlates of Perceived Discrimination in the United States. Journal of Health and
Social Behavior 40, no. 3 (September): 208.
Kozee, H.B., T.L. Tylka, and L.A. Bauerband. 2012. Measuring
Transgender Individuals’ Comfort with Gender Identity and Appearance Development and Validation of the Transgender Congruence Scale. Psych. Women Quarterly 36, no. 2 (June 1): 179–196.
Landsbaum, C. 2016. Alt-Right Troll Uses Campus Visit to Openly
Mock a Transgender Student. NY Mag, The Cut.
Lindner, M. 2016. Block. Mute. Unfriend. Tensions Rise on Facebook after Election Results. Chicagotribune.com.
Majumder, M. 2016. Election Got You Feeling Down? Good
News: It Isn’t Just You. WIRED.
Mehl, M.R., and J.W. Pennebaker. 2003. The Social Dynamics of
a Cultural Upheaval Social Interactions Surrounding September
11, 2001. Psychological Science 14, no. 6: 579–585.
Morgan, C., E. Alexander, J. Watts, A. Noble, and O.L. Haimson.
2016. #ReproHealth: A State-Based Investigation of Reproductive
Health Rights Policy Social Media Activity. In Proc. iConference
Nardi, B.A., D.J. Schiano, and M. Gumbrecht. 2004. Blogging as
Social Activity, Or, Would You Let 900 Million People Read Your
Diary? In Proceedings CSCW.
National Conference of State Legislatures. 2017. “Bathroom Bill”
Legislative Tracking.
Newmark, C. 2016. New Survey on Online Harassment Reveals
That Efforts by Social Media Networks Have Failed to Stop Online
Bullying and Threats. http://onlineharassmentdata.org/2016elections/release.html.
Nuttbrock, L., W. Bockting, A. Rosenblum, M. Mason, M. Macri,
and J. Becker. 2012. Gender Identity Conflict/Affirmation and Major Depression Across the Life Course of Transgender Women. International Journal of Transgenderism 13, no. 3 (May 1): 91–103.
Oakley, A. 2016. Disturbing Hegemonic Discourse: Nonbinary
Gender and Sexual Orientation Labeling on Tumblr. Social Media
+ Society 2, no. 3 (July 1).
Patterson, B.E. 2016. LGBT Suicide Hotlines Are Seeing a Huge
Spike in Calls after Trump Was Elected. Mother Jones.
Pennebaker, J.W., R.L. Boyd, K. Jordan, and K. Blackburn. 2015.
The Development & Psychometric Properties of LIWC2015.
Pennebaker, J.W., C.K. Chung, M. Ireland, A. Gonzales, and R.J.
Booth. 1993. Linguistic Inquiry and Word Count.
Pennebaker, J.W., M.R. Mehl, and K.G. Niederhoffer. 2003. Psychological Aspects of Natural Language Use: Our Words, Our
Selves. Annual Review of Psychology 54, no. 1: 547–577.

Peters, J.W., J. Becker, and J.H. Davis. 2017. Trump Rescinds
Rules on Bathrooms for Transgender Students. New York Times.
Premack, R. 2016. Tumblr’s Depression Connection. The Ringer.
PyTumblr. 2016. PyTumblr. GitHub. https://github.com/tumblr/pytumblr.
Raun, T. 2015. Video Blogging as a Vehicle of Transformation:
Exploring the Intersection between Trans Identity and Information
Technology. Int. J of Cultural Studies 18, no. 3 (May 1): 365–378.
Renninger, B.J. 2015. “Where I Can Be Myself … Where I Can
Speak My Mind:” Networked Counterpublics in a Polymedia Environment. New Media & Society 17, no. 9 (Oct 1): 1513–1529.
Rude, S., E.-M. Gortner, and J. Pennebaker. 2004. Language Use
of Depressed and Depression-Vulnerable College Students. Cognition & Emotion 18, no. 8 (December): 1121–1133.
Seko, Y., and S.P. Lewis. 2016. The Self—harmed, Visualized,
and Reblogged: Remaking of Self-Injury Narratives on Tumblr.
New Media & Society (July 28): 1461444816660783.
Selyukh, A. 2016. Postelection, Overwhelmed Facebook Users
Unfriend, Cut Back. NPR.org.
Sheehy, G. 2016. America’s Therapists Are Worried About
Trump’s Effect on Your Mental Health. POLITICO Magazine.
Smith, C. 2013. Tumblr Offers Advertisers a Major Advantage:
Young Users, Who Spend Tons of Time On The Site. Business Insider.
Southern Poverty Law Center. 2017. The Trump Effect: Impact of
the 2016 Presidential Election on Our Nation’s Schools. Southern
Poverty Law Center.
Stryker, S. 2009. Transgender History. Seal Press.
Tausczik, Y.R., and J.W. Pennebaker. 2010. The Psychological
Meaning of Words: LIWC and Computerized Text Analysis Methods. J of Language & Social Psych. 29, no. 1 (March 1): 24–54.
Tavernise, S., and K.Q. Seelye. 2016. Political Divide Splits Relationships — and Thanksgiving, Too. The New York Times, Nov 15.
Teng, F. 2016. 4 Ways Trump’s Presidency Will Harm Marginalized People. RESIST.
Testa, R.J., C.L. Jiminez, and S. Rankin. 2014. Risk and Resilience
During Transgender Identity Development: The Effects of Awareness and Engagement with Other Transgender People on Affect.
Journal of Gay & Lesbian Mental Health 18, no. 1 (Jan 1): 31–46.
Tourjee, D. 2016. The Unclear Future of Trans Rights Under
Trump. Broadly.
Trans Lifeline. 2016. We Need Each Other More Than Ever! Trans
Lifeline.
Tumasjan, A., T.O. Sprenger, P.G. Sandner, and I.M. Welpe. 2010.
Predicting Elections with Twitter: What 140 Characters Reveal
about Political Sentiment. In Proceedings of ICWSM.
Tumblr. 2016. Tumblr API.
U.S. Equal Employment Opportunity Commission. 2017. Preventing Employment Discrimination Against Lesbian, Gay, Bisexual
or Transgender Workers.

